Unifying the sensory and motor components of sensorimotor adaptation
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Introduction A Unified Model Experiment
Test whether force field adaptation also

e Adaptation to shifted visual feedback consists of sensory and motor Consider full generative model of sensory feedback: | - — leads to sensory adaptation
components [4] ‘
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o Affects movements planning e Comparison of average alignment test errors pre- vs post-adaptation

- : e Results represent average across subjects. Error bars = SEM
Sensory adaptation model: e Three potential sources of error:
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